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Interpolation of the Pareto Optimal Solution in Multiobjective
Genetic Algorithms
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Proposal in this paper is a method of interpolating the pareto optimal solution in Multiobjective Genetic

Algorithms. In this method, some vacancies are maked up by resuming computation of Multiobjective Genetic

Algorithms. A beginning field is set up by variables of both sides of the vacancy. Then, computation of Multiobjective

Genetic Algorithms is started from the beginning field again. Visualization of the pareto optimal solution is used as

an interpolation’s tool. Visualization is useful for understanding the vacancy and transition of individuals.
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Fig. 1. Pareto optimal solution.
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netic algorithms.
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Table 1. Parameter setting.

Parameter Value
Initial population size 100
Crossover rate 1
Mutation rate 0
Sharing range 10
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Table 2. Effect of interpolation (exercise 1).
Cover NumbBer Number of
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Table 3. Effect of interpolation (exercise 2).
god
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rate vacancy |individuals
_ Before | 6100 | 76
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Table 4. Effect of interpolation (exercise 3).

mil!
‘Number |Number of
Cases Cover | e s
rae vacancy |individuals
Before
interpolation 70% 13.6
After
interpolation | 78% | 102 4.2
Conventional .
GAinmops | 2% | 110 ]
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