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An approach based on multiobjective optimization
for vehicle routing problem

Shinya WATANABE' and Kazutoshi SAKAKIBARA

T College of Information Science & Engineering, Ritsumeikan University O

This paper presents a new approach for vehicle routing problem (VRP). VRP is generally
defined as the problem to minimize the total distance traveled. We propose a new approach to
VRP, which treat VRP as multiobjective problem in which newly defined objective related
with assignments of custmers is added. the result of assignment has a more important
influence on search results than that of routing. Therefore, we can expect to increase the
search ability by adding new object related with assignment.Through numerical examples,

the effectiveness and the potential of the proposed approach have been examined.
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O 1: The four type experiments of NSGA-II.
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0O 1: The results of the total cost.
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